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Introduction

- Synthetic Aperture Sonar (SAS) uses motion of a Ground Truth DRC Empty

platform to create high resolution images with sound. ) e
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- Applications in marine archeology, studying changes 7 -
in the seafloor & sediment, and ocean mapping. g o

- Tone Mapping is part of how we visualize the
acoustic data for an image.
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- The goal of this project is to determine how different Half Fill Threshold CFAR
Tone Mapping techniques impact imaging through the . DECIbcle,Flll:l _ Jaccar d Threshold (T =0.13) DRC = 0.33301 Jaccard Index CFAR (P = 0.031) DRC = 0.29096
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Jaccard Threshold (T = 0.13) TD = 0.072216 Jaccard Index CFAR (P = 0.061) TD = 0.054767
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| - Performance with additive noise as synthetic burial
Constant False Threshold - Developing machine learning algorithm to virtually
Alarm Rate (CFAR) Jaccard “unbury” buried targets
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