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Why Random Forests?

1. High Accuracy: runs efficiently on 
large datasets[1]

2. Estimates Missing Data: maintains 
accuracy when a large proportion 
of the data is missing[2]

Future Work

• The U.S. Drought Monitor (USDM) maps drought areas using 
categories from D1 to D4 intensity. 

• It includes abnormally dry (D0) regions and drought-free 
areas (None).

Results

Droughts devastate the:
1. Economy - cost the U.S. billions 

of dollars (energy-related)
2. Ecology – widespread 

degradation of ecosystems

Research Goal

Develop a machine learning algorithm 
that:
• maintains a high accuracy in 

predictions
• is efficient and scalable
• is able to visualize data 

The study uses Random Forests with 
data from the U.S. Drought Monitor.

Graph illustrates how 
the performance of 
the Random Forest 
model changes as the 
number of trees in the 
forest increases.

• Correlate with 
spatial data 
(GIS) from the 
USDM for 
better 
predictions[3]

• Scale the data to the entirety of 
the United States

• Correlate with NDVI and other 
indices used in remote sensing[2]
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